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Abstract 

Background Mental health providers’ attitudes toward evidence-based practice are likely to influence what interven-
tions they learn, implement, and sustain over time. A 36-item version of the Evidence-Based Practice Attitude Scale 
(EBPAS) was recently developed to assess provider attitudes in 12 domains. Research suggests the EBPAS-36 is a prom-
ising tool, though inconsistencies across studies signal the need to reexamine its validity and reliability along with the 
correlates of provider attitudes.

Methods This study assessed the factorial structure of the EBPAS-36, the intercorrelations and reliabilities of its 
subscales, and correlates of practice attitudes in a U.S. sample of 445 practitioners who received training in trauma-
focused cognitive behavioral therapy.

Results A confirmatory factor analysis (CFA) verified that the EBPAS-36 fits a 12-factor model representing each of its 
subscales. Reinforcing prior results, the subscales of the EBPAS-36 were weakly to moderately correlated, indicating 
that the 12 domains are related yet distinct. A hypothesized second-order CFA model with three overarching latent 
factors was not validated, but an alternative second-order model with two factors fit the data adequately. Most sub-
scales demonstrated good-to-excellent internal consistency, though values for certain subscales ranged from margin-
ally acceptable to poor. Provider attitudes varied by gender, professional experience, and discipline. Practitioners who 
more frequently assessed client trauma symptoms reported more positive EBP attitudes, and those who expressed 
greater concerns that trauma assessments may cause harm reported more negative attitudes.

Conclusions Taken together with previous findings, the results show the EBPAS-36 performs well overall, 
though some subscales may benefit from refinement. Further validation tests of the EBPAS-36 in diverse samples are 
warranted.
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Contributions to the literature

• Further research is needed to examine the performance 
of the 36-item Evidence-Based Practice Attitude Scale 
(EBPAS-36).

• We found the EBPAS-36 fits a 12-factor model repre-
senting its subscales and a second-order latent model 
with two overarching factors. Most subscales demon-
strated good-to-excellent internal consistency, though 
certain subscales had questionable reliabilities.

• Provider attitudes varied by gender, years of experi-
ence, professional discipline, and trauma assessment 
attitudes and behaviors.

• The EBPAS-36 is a promising tool for comprehen-
sively assessing attitudes toward evidence-based prac-
tice, though further measurement development may 
strengthen its validity and reliability.

Background
Access to pediatric mental health care in the United 
States (U.S.) is limited and unequal. To illustrate, by one 
recent estimate, roughly half of the 7.7 million children 
and adolescents in the U.S. with an indicated disorder do 
not receive treatment from a mental health provider [1]. 
Compared to their more advantaged peers, children from 
low-income backgrounds and marginalized groups are 
more likely to experience psychiatric disturbances due 
partly to their more frequent exposure to adverse and 
traumatic experiences [2–4]. These disparities are com-
pounded by systemic and structural barriers to screening, 
referral, and treatment, including shortages of clinical 
providers and gaps in insurance coverage [5–10]. Service 
uptake is also affected by public stigma toward mental 
health care, discrimination against persons who need 
care, and client attitudes toward mental health, treatment 
providers, and help seeking [11–14].

Further exacerbating these barriers to care, some cli-
nicians express ambivalence toward evidence-based 
practices (EBP) despite their association with better cli-
ent outcomes. Attitudes toward EBP have been shown 
to vary by provider factors such as age and educational 
attainment as well as institutional factors such as organi-
zational culture and climate [15, 16]. Even after account-
ing for individual and contextual differences, provider 
attitudes toward EBP are correlated with the likelihood of 
being trained in an evidence-based intervention, imple-
menting treatment with fidelity, and sustaining validated 
protocols over time [17–19].

Evidence‑based practice attitudes
Much of what we know scientifically about EBP atti-
tudes of mental health practitioners comes from research 
on the 15-item Evidence-Based Practice Attitude Scale 
(EBPAS-15). This brief assessment measures practitioner 
attitudes in four domains: (1) intuitive appeal of EBPs, 
(2) willingness to adopt new practices given organiza-
tional requirements to do so, (3) openness toward novel 
practices, and (4) perceived divergence of usual practice 
from empirically validated practices. Following an initial 
validation study by Aarons et al. [20], the EBPAS-15 has 
been revalidated several times in U.S. and international 
samples [17, 21–28].

Aarons and colleagues also developed a more compre-
hensive 50-item version of the EBPAS, which, in addi-
tion to the four domains captured by the EPBAS-15, 
measures eight new domains: (1) perceived limitations of 
EBPs, (2) concerns about whether EBPs fit with a clini-
cian’s circumstances, (3) negative beliefs regarding super-
visor monitoring, (4) extent to which therapy involves a 
balance between art and science, (5) burden associated 
with learning EBPs, (6) extent to which EBPs increase 
job security, (7) organizational support of EBPs, and (8) 
positive perceptions of receiving feedback on perfor-
mance [28]. Subsequently, Aarons collaborated with Rye 
and colleagues to develop a more concise version of the 
EBPAS-50 in a sample of 838 psychologists and psychol-
ogy students in Norway and a second sample of 418 clini-
cians in San Diego County, California [29]. The resulting 
36-item tool retained the same subscales as the EBPAS-
50; initial results suggested that the data fit the 12-factor 
structure adequately and that the subscales showed signs 
of acceptable discriminant validity.

Rye et  al. (2019) conducted a follow-up study of the 
EBPAS-36 in a sample of 671 psychologists and 121 psy-
chiatric nurses in Norway [30]. A CFA showed that the 
measure fit a 12-factor structure, and a principal com-
ponent analysis (PCA) indicated the 12 scales loaded on 
three second-order attitudinal factors: (1) professional 
concerns (i.e., perceived limitations of EBPs), (2) work 
conditions and requirements (i.e., burden of learning new 
practices), and (3) fit and preferences (i.e., willingness 
to use new practices based on provider and client pref-
erences). In a later study of 599 German psychothera-
pists, Szota and colleagues (2021) [31] used exploratory 
and confirmatory factor analysis to retest the models 
reported by Rye et  al. (2019) along with an alternative 
second-order solution of four factors. Results showed 
that the second-order models fit the data better than the 
first-order model, though none of the models met con-
ventional standards for good model fit [32, 33]. Another 
PCA of data collected from 114 Norwegian social work 
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and child welfare students indicated that the 12-factor 
model did not fit the data well [34].

Rationale for further study
The above findings suggest that the EBPAS-36 shows 
some promise, though only one study has tested the 
measure in a U.S. sample, and there are lingering ques-
tions about its underlying structure. Plus, some EBPAS-
36 subscales have demonstrated fair-to-poor internal 
consistency. For instance, Rye et al. (2017) [29] found that 
the divergence scale had a Cronbach alpha of 0.60 and 
0.68 in the two respective samples, while the fit (α ≥ 0.62) 
and balance (α ≥ 0.64) subscales also fell below common 
standards for good reliability (i.e., α ≥ 0.70). Other stud-
ies also have found that the appeal, balance, divergence, 
and fit subscales have questionable internal consistency 
[30, 31, 35]. Additionally, multiple versions of the EBPAS 
have been tested in samples of mental health providers, 
but few studies have focused on professionals who have 
opted to receive training in an evidence-based interven-
tion [19, 36]. Further, many studies have identified demo-
graphic correlates of provider attitudes, but less is known 
about the extent to which global EBP attitudes are asso-
ciated with specific attitudes and behaviors in everyday 
practice. Further knowledge along these lines may inform 
efforts to increase EBP uptake and fidelity.

Study aims
The current study addresses the aforementioned gaps 
in research on the EBPAS-36 by analyzing data from a 
statewide implementation project that aimed to increase 
access to trauma-responsive child mental health services. 
Surveys were administered to professionals prior to a 
training workshop in trauma-focused cognitive behav-
ioral therapy. Extending prior work, the primary aims 
are to explore the structure of the EBPAS-36 along with 
the internal consistency and intercorrelations of its sub-
scales. Potential correlates of provider EBP attitudes are 
also examined, including experiences with and attitudes 
toward specific EBP practices.

Methods
Sample and design
Study data derived from the Trauma and Recovery Pro-
ject, a statewide implementation project in Wisconsin 
that was designed to increase access to trauma-respon-
sive mental health services [37]. Supported by the Sub-
stance Abuse and Mental Health Services Administration 
and the National Child Traumatic Stress Initiative, the 
five-year project enabled providers across the state to 
receive training in one of three evidence-based interven-
tions: (1) trauma-focused cognitive behavioral therapy 
(TF-CBT), (2) parent–child interaction therapy, or (3) 

child parent psychotherapy. The current analysis focuses 
on participants in TF-CBT workshops given that they 
comprised nearly 90% of all providers who received train-
ing during the project.

From October 2018 to August 2022, 449 child mental 
health providers who enrolled in one of eight TF-CBT 
training courses completed a pre-training survey. The 
practitioners represented 47 out of 72 Wisconsin coun-
ties and were from diverse disciplinary backgrounds, 
including professional counseling, clinical social work, 
and marriage and family therapy. Study procedures were 
approved by an institutional review board at the Univer-
sity of Wisconsin-Milwaukee prior to engaging human 
subjects, all of whom completed a written informed con-
sent procedure before completing the survey.

Measures
As described above, providers’ attitudes toward evi-
dence-based practice were assessed using the EBPAS-36, 
which asks respondents to indicate their level of agree-
ment with 5-point Likert scale items that range from not 
at all (0) to a very great extent (4). The EBPAS-36 pro-
duces 12 three-item subscales along with a sum score for 
the full measure. The baseline survey also asked a set of 
questions related to provider demographics. Participant 
gender included options for man, woman, or other. Race 
and ethnicity was assessed as a single item that incorpo-
rated the following response categories: African Ameri-
can or Black; American Indian or Alaska Native; Asian or 
Pacific Islander; Caucasian or White; Hispanic or Latino; 
Other race/ethnicity. Participants also reported their 
age in years and their amount of experience as a mental 
health service provider in years and months. Professional 
discipline was coded according to the licensure of each 
participant, as follows: (1) licensed professional counse-
lor (LPC); (2) licensed clinical social worker (LCSW); (3) 
licensed marriage and family therapist (LMFT); (4) other 
license (e.g., clinical substance abuse counselor; regis-
tered art therapist); (5) no license.

The provider survey included three items that gauged 
participants’ experience with and attitudes toward 
implementing specific practices. It was hypothesized 
that global attitudes toward EBP would be positively 
correlated with responses to the following items: (1) In 
my current practice, I use a standardized assessment to 
measure client progress over time; and (2) In my current 
practice, I assess clients for trauma symptoms. Response 
options to the preceding items ranged from never (1) to 
always (5). It was also hypothesized that EBP attitudes 
would be negatively correlated with an item indicating 
participants’ concern that asking clients about trauma 
may cause harm, with responses ranging from 1 (not at 
all concerned) to 10 (extremely concerned).



Page 4 of 12Mersky et al. Implementation Science Communications            (2025) 6:47 

Analysis plan
A descriptive analysis was performed using IBM SPSS 
28.0 to describe the sample characteristics. Internal 
consistency of the EBPAS-36 total scale and each of the 
12 subscales were assessed by Cronbach alpha correla-
tions; bivariate Pearson correlations among the subscales 
were also conducted to assess the magnitude of their 
association.

Confirmatory factor analysis was conducted using 
Mplus 8.8 to test the hypothesized models described 
by Rye and colleagues [29, 30]. First, as a prerequisite 
step, 12 separate one-factor CFAs were conducted 
to determine if the variables representing the 12 sub-
scales of the EBPAS-36 loaded on the 12 latent fac-
tors as expected. Subsequently, a first-order CFA was 
performed with all 12 factors entered in the model 
simultaneously.

Contingent on the model fit of the first-order CFA 
model, a second-order CFA was conducted with 
three higher-order latent factors overarching the 12 
first-order factors. In other words, the first-order 
factors were nested below the second-order fac-
tors in a hierarchical structure. Robust maximum 
likelihood estimation (MLR) was applied to adjust 
for violations of normality among indicators. Mini-
mal requirements of model fit were based on estab-
lished conventions, including a comparative fit index 
(CFI) and Tucker-Lewis index (TLI) at 0.90 or above 
along with a root mean square error of approxima-
tion (RMSEA) at 0.06 or below and a standardized 
root mean square residual (SRMR) at 0.08 or below 
[38]. In instances where the original model fit indi-
ces did not indicate a minimally acceptable fit, error 
messages and model modification indices were care-
fully evaluated to determine if it was appropriate to 
adjust the model specifications. Modifications were 
made while following the principle of parsimony by 
specifying the simplest model possible with the few-
est parameters (e.g., cross-loadings and error term 
correlations) [39].

Linear regressions using MLR estimation were con-
ducted via structural equation modeling in Mplus 8.8 
to test hypothesized correlates of provider attitudes. 
This analytic approach effectively compensates for vio-
lations of multivariate normality [40]. Using a stepwise 
approach, an initial regression model examined asso-
ciations between provider demographic characteris-
tics and EBPAS-36 total scores (Model 1). The analysis 
was then repeated after adding three variables related 
to participants’ experience with and attitudes toward 
implementing specific practices (Model 2).

Missing data
Four of the 449 respondents did not answer roughly 
20% or more EPBAS-36 items (i.e., ≥ 7) and were 
excluded from the analysis. Among the remaining 445 
participants, 6.5% (n = 29) were missing one item and 
1.4% (n = 6) missed 2 to 6 items. These participants 
were included in CFAs, with missing data handled 
using full information maximum likelihood (FIML). In 
stepwise linear regression analyses, listwise deletion 
was applied if a participant was missing data for model 
covariates, predictors, or more than one EPBAS-36 
item.

Results
Sample characteristics are described in Table  1. A large 
majority of the 445 providers identified as women (89.2%) 
and non-Hispanic White (88.7%). The mean age of par-
ticipants was 36.0  years, and they averaged 7.0  years of 
experience as mental health service providers. All but 
6.5% of the sample was professionally licensed; 45.8% 
were LPCs, 34.4% were LCSWs, 10.1% were LMFTs, and 
6.7% held another professional credential.

Table 2 describes the EBPAS-36 items and factor load-
ings from a first-order CFA with 12 factors (i.e., model 1), 

Table 1 Sample description

LPC Licensed professional counselor, LCSW Licensed clinical social worker, LMFT 
Licensed marriage and family therapist

Variable Name % or M(SD)

Gender

 Female 89.2%

 Male 10.6%

 Other 0.2%

Race/ethnicity

 Non-Hispanic White 88.7%

 Non-Hispanic Black 4.3%

 Hispanic 3.8%

 Other race/ethnicity 3.2%

Age (range = 23–68) 36.0 (9.4)

 < 30 36.4%

 31 to 40 35.7%

 41 to 50 17.3%

 51 to 60 8.8%

 > 60 1.8%

Provider experience, years (range = 0–40) 7.0 (7.3)

Licensure

 LPC 45.8%

 LCSW 34.4%

 LMFT 10.1%

 Other 6.7%

 None 6.5%
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Table 2 Confirmatory factor analysis solutions for the EBPAS-36 from the current study and from Rye et al. (2017) [29]

 Factor loadings are presented up to two decimal places. More precise estimates for select factor loadings are described in the text; additional information is available 
upon request

 EBP Evidence-based practice, WI Current study sample from Wisconsin, U.S., CA and NO California, U.S. and Norway samples from Rye et al. (2017) [22] 
a Factor loadings outside the parentheses are from a first-order CFA with 12 factors, corresponding with the model described in Rye et al. [29]. Factor loadings in 
parentheses are from unidimensional CFA results (12 separate models). All factor loadings are standardized

Item Description (item number in EPBAS‑36) Item Mean (SD) Factor Loadings

WI CA NO WIa CA NO

Limitations

EBP is not useful for clients with multiple problems (16) 0.39 (0.72) 1.15 (1.06) 0.89 (1.09) 0.71 (0.68) 0.79 0.74

EBP is not individualized treatment (17) 0.58 (0.82) 1.35 (1.13) 1.21 (1.18) 0.82 (0.88) 0.92 0.80

EBP is too narrowly focused (18) 0.63 (0.74) 1.42 (1.11) 1.08 (1.05) 0.79 (0.75) 0.89 0.89

Divergence

Research based interventions are not clinically useful (4) 0.38 (0.89) 0.70 (0.93) 0.37 (0.72) 0.66 (0.60) 0.59 0.61

Clinical experience is more important…(5) 1.79 (0.83) 2.22 (1.00) 1.76 (1.18) 0.55 (0.48) 0.47 0.66

I would not use manualized therapy/interventions (6) 0.49 (0.83) 0.82 (0.93) 0.70 (1.07) 0.72 (0.83) 0.67 0.76

Balance

A positive outcome in therapy is an art more than a science (22) 1.42 (0.93) 1.35 (1.20) 0.84 (0.99) 0.66 (0.50) 0.73 0.60

Therapy is both an art and a science (23) 3.03 (0.85) 2.19 (1.37) 2.20 (1.31) 0.28 (0.33) 0.59 0.62

My overall competence as a therapist is more important…(24) 2.22 (0.96) 1.23 (1.20) 2.07 (1.15) 0.52 (0.67) 0.76 0.61

Monitoring

I prefer to work on my own without oversight (19) 0.90 (0.97) 1.41 (1.23) 0.77 (1.10) 0.79 (0.77) 0.71 0.83

I do not want anyone looking over my shoulder…(20) 1.20 (1.09) 1.43 (1.26) 0.92 (1.22) 0.83 (0.86) 0.88 0.83

My work does not need to be monitored (21) 0.74 (0.96) 1.32 (1.22) 0.83 (1.13) 0.74 (0.71) 0.85 0.75

Openness

I like to use new types of therapy/interventions…(1) 3.07 (0.72) 2.86 (0.91) 2.80 (0.95) 0.72 (0.71) 0.70 0.53

I am willing to try new types of therapy/interventions…(2) 3.12 (0.72) 2.64 (1.02) 2.78 (1.10) 0.81 (0.81) 0.78 0.86

I am willing to use new and different types of therapy/interventions developed 
by researchers (3)

3.25 (0.65) 2.79 (0.88) 2.92 (0.96) 0.81 (0.82) 0.81 0.68

Appeal

It “made sense” to you? (7) 3.42 (0.67) 3.15 (0.81) 3.04 (0.88) 0.66 (0.61) 0.61 0.53

It was being used by colleagues who were happy with it? (11) 3.06 (0.80) 2.74 (0.94) 2.62 (0.89) 0.57 (0.58) 0.71 0.68

You felt you had enough training to use it correctly? (12) 3.53 (0.63) 3.13 (0.87) 3.22 (0.79) 0.70 (0.73) 0.83 0.68

Fit

You knew it was right for your clients (13) 3.73 (0.46) 3.07 (0.92) 3.42 (0.73) 0.78 (0.76) 0.69 0.54

You had a say in how you would use the EBP (14) 3.38 (0.75) 2.89 (0.91) 2.96 (1.01) 0.69 (0.71) 0.79 0.67

It fit with your clinical approach (15) 3.61 (0.56) 2.99 (0.94) 3.12 (0.96) 0.83 (0.84) 0.73 0.62

Organizational Support

I would learn an EBP if continuing ed. credits were provided (31) 2.80 (1.04) 2.89 (1.04) 1.75 (1.35) 0.63 (0.60) 0.74 0.61

I would learn an EBP if training were provided (32) 3.31 (0.73) 3.12 (0.87) 2.69 (1.19) 0.87 (0.92) 0.86 0.92

I would learn an EBP if ongoing support was provided (33) 3.18 (0.78) 3.24 (0.80) 2.44 (1.21) 0.82 (0.79) 0.82 0.87

Feedback

I enjoy getting feedback on my job performance (34) 3.05 (0.85) 3.12 (0.88) 3.38 (0.86) 0.77 (0.75) 0.69 0.84

Getting feedback helps me to be a better therapist/case mgr. (35) 3.37 (0.72) 3.23 (0.82) 3.56 (0.81) 0.95 (0.99) 0.83 0.96

Getting supervision helps me to be a better therapist/case mgr. (36) 3.43 (0.70) 3.27 (0.83) 3.58 (0.81) 0.75 (0.73) 0.78 0.72

Requirements

It was required by your supervisor? (8) 2.96 (0.95) 2.59 (1.05) 1.83 (1.21) 0.94 (0.94) 0.89 0.93

It was required by your agency? (9) 3.00 (0.95) 2.65 (1.03) 1.90 (1.20) 1.00 (1.00) 0.97 1.00

It was required by your state? (10) 3.09 (0.98) 2.72 (1.11) 2.25 (1.22) 0.85 (0.84) 0.77 0.79

Learning an EBP will help me keep my job (28) 1.96 (1.24) 1.69 (1.32) 0.83 (1.16) 0.67 (0.67) 0.80 0.60

Learning an EBP will help me get a new job (29) 2.33 (1.12) 1.94 (1.25) 1.47 (1.30) 0.89 (0.90) 0.98 0.95

Learning an EBP will make it easier to find work (30) 2.52 (1.05) 1.75 (1.30) 1.48 (1.27) 0.93 (0.92) 0.61 0.91

Burden

I don’t have time to learn anything new (25) 0.44 (0.75) 0.65 (0.96) 0.77 (1.04) 0.75 (0.70) 0.57 0.76

I can’t meet my other obligations (26) 0.41 (0.69) 0.95 (1.10) 1.26 (1.14) 0.81 (0.89) 0.81 0.70

I don’t know how to fit EBP into my administrative work (27) 0.49 (0.75) 1.24 (1.13) 0.85 (1.03) 0.59 (0.56) 0.67 0.61
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as described in Rye et al. (2017) [29]. Our results showed 
that the first-order model fit the data adequately: χ2

(528) = 1004.73, CFI = 0.927, TLI = 0.913, RMSEA = 0.045, 
SRMR = 0.053. Table 2 also presents results from 12 sepa-
rate one-factor CFAs (in parentheses). For 11 of the 12 
factors, loadings ranged from 0.547 to 0.998, denoting 
moderate-to-strong correlations between each item and 
a given factor. For the factor representing the balance 
subscale, one item (therapy is both an art and a science) 
had a relatively weak loading ( � = 0.325).

Next, as described above, we examined a hypothesized 
model reported by Rye et  al. (2019) [32] that includes 
three second-order factors: (1) professional concerns, 
(2) work conditions and requirements, and (3) fit and 
preferences. However, this model did not fit the data in 
the current study; the latent variable covariance matrix 
(psi) of the model was not positively defined, indicat-
ing a linear dependency among two or more latent fac-
tors. A diagnostic review of the psi matrix revealed that 
the correlation between two second-level factors, work 
and requirements and fit and preferences ( ψ = 1.034), 
exceeded the normal range (results not shown). There-
fore, the three-factor model was reconfigured into a 
two-factor model that retained the professional con-
cerns factor but that combined “fit and preferences” with 
“work and requirements” into a single factor (results not 
shown). This approach resolved the structural concerns 
of the three-factor model, though the fit indices were still 
below acceptable cutoffs: χ2

(581) = 1354.795, CFI = 0.882, 
TLI = 0.872, RMSEA = 0.055, SRMR = 0.100. After cor-
relating select measurement error terms, the fit of 
the model improved to a more acceptable range: χ2

(574) = 1171.16, CFI = 0.909, TLI = 0.900, RMSEA = 0.048, 
SRMR = 0.092. Second-order factor loadings for the 
final model (i.e., model 2) ranged from 0.295 to 0.695 for 
professional concerns (factor 1) and from 0.147 to 0.873 
for the factor that combined fit and preferences with 
work and requirements (factor 2).

Although the two-factor solution fit the data ade-
quately, modification indices showed that model fit would 
be much improved if burden was reassigned to load on 
factor 1 instead of factor 2 and if openness was reassigned 
to load on factor 2 instead of factor 1. The model also 
adjusted for one error term correlation between organi-
zational support and job security. As shown in Appen-
dix B, this solution produced a better-fitting model: χ 
2

(580) = 1158.40, CFI = 0.912, TLI = 0.904, RMSEA = 0.047, 
SRMR = 0.067. Second-order factor loadings for the final 
model (i.e., model 3) ranged from 0.546 to 0.803 for fac-
tor 1 and from 0.442 to 0.869 for factor 2. For further 
information about the fit of the three final CFA models, 
see Appendix A.

Subscale intercorrelations and internal consistencies 
are presented in Tables 3 and 4, respectively. The strong-
est pairwise correlations were between job security and 
organizational support (r = 0.53), fit and appeal (r = 0.48), 
feedback and organizational support (r = 0.46), and 
requirements and appeal (r = 0.45). Most subscales dem-
onstrated good-to-excellent internal consistency, with 
the highest Cronbach alphas observed for requirements 
(α = 0.95), job security (α = 0.87), and feedback (α = 0.85). 
Two subscales, divergence and appeal, had alpha reliabili-
ties that were slightly below preferred standards (α = 0.68 
and 0.67, respectively), while the internal consistency of 

Table 3 EBPAS-36 subscale correlations

Estimates are Pearson correlation coefficients (r)
* p < .05
** p < .01

1 2 3 4 5 6 7 8 9 10 11

1. Requirements -

2. Appeal .45* -

3. Openness .23** .41** -

4. Divergence .15** .20** .10* -

5. Limitations .13** .22** .18** .42** -

6. Fit .26** .48** .36** .14** .16** -

7. Monitoring .04 .02 .07 .31** .34** .03 -

8. Balance .06 .03 -.07 .25** .31** -.16** .33** -

9. Burden .04 .06 .16** .27** .43** .13** .29** .18** -

10. Job security .21** .28** .28** -.02 .03 .20** -.01 -.09 -.01 -

11. Org. support .29** .39** .36** .16** .08 .44**  < -.01 -.13** .04 .53** -

12. Feedback .18** .32** .29** .11** .14** .35** .28** -.06 .16** .32** .46**
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the balance subscale was poor (α = 0.49). A supplemental 
analysis (not shown) revealed that inter-item correlations 
among all three items of the balance subscale were small 
in magnitude (r range = 0.16 to 0.33).

Standardized linear regression coefficients are pre-
sented in Table 5. Model 1, which examined associations 
between provider demographics and EBPAS-36 scores, 
indicated that women reported more positive EBP atti-
tudes than did men (β = 0.17; 95% CI = 0.07, 0.26). Years 
of experience as a mental health service provider was 
negatively correlated with EBP attitudes (β = −0.15; 95% 
CI = −0.23, −0.06). Compared to LPCs, LCSWs reported 
more positive EBP attitudes (β = 0.14; 95% CI = 0.05, 
0.23). After adding three items related to specific clinical 
practices and attitudes (see model 2), results showed that 
EBPAS-36 scores were significantly lower among LMFTs 
than LPCs (β = −0.10; 95% CI = −0.20, −0.01). Providers 
who more frequently assessed client trauma symptoms 
had more positive EBP attitudes (β = 0.11; 95% CI = 0.01, 
0.21), while those who had greater concerns that asking 
about trauma may cause harm reported more negative 
EBP attitudes (β = −0.23; 95% CI = −0.32, −0.14). Using a 
standardized assessment to measure client progress was 
not significantly associated with EBP attitudes in the full 
model (β = 0.07; 95% CI = −0.02, 0.17).

Discussion
Using data collected from a sample of 445 American 
practitioners who attended TF-CBT training workshops, 
the primary aims of this study were to reanalyze (a) the 

factorial structure of the EBPAS-36, (b) intercorrelations 
and internal consistencies of its subscales, and (c) cor-
relates of EBP attitudes. Supporting prior studies, a con-
firmatory factor analysis showed that the overall model 
fit was acceptable for a 12-factor model that matches 
the 12 subscales of the EBPAS-36 [29, 30]. However, 
the second-order CFA with three superordinate factors 
described by Rye et al. (2019) [30] did not fit the data in 
the current sample. After scrutinizing model diagnos-
tics, the CFA was reconfigured by combining two sec-
ond-order factors. The resulting two-factor model fit the 
data adequately after adjusting error term correlations, 
though modification indices suggested the model would 
be improved by allowing burden and openness to load on 
the opposing factor. This realignment produced a better-
fitting solution, albeit one that alters how the model is 
interpreted.

Discrepancies in study results may be related to sam-
pling differences. Aside from variation among Ameri-
can and European practitioners, participants in this 
study voluntarily elected to receive training in an evi-
dence-based treatment protocol. Inconsistencies across 

Table 4 Internal consistency of EBPAS-36 Subscales in the 
current study and Rye et al. (2017)

Cronbach alpha coefficients (α) are bivariate Pearson correlations

EBPAS‑36 Subscales Wisconsin
(α)

California
(α)

Norway
(α)

Requirements .95 .91 .92

Appeal .67 .75 .61

Openness .83 .81 .76

Divergence .68 .60 .68

Limitations .82 .90 .85

Fit .78 .77 .62

Monitoring .83 .85 .84

Balance .49 .74 .64

Burden .75 .76 .74

Job Security .87 .82 .86

Organizational Support .78 .84 .84

Feedback .85 .80 .85

Total EBPAS-36 Scale .77 .79 .86

Table 5 Standardized linear regression models estimating 
associations between provider demographics and EBPAS-36 
scores

Professional discipline categories (LCSW; LMFT; Other license; No license) are 
compared to a reference group of licensed professional counselors (LPCs

B Standardized beta, CI Confidence intervals

Correlates EBPAS‑36 Total Score

Model 1
B [95% CI]

Model 2
B [95% CI]

Gender (Female = 1) 0.17
[0.07, 0.26]

0.16
[0.07, 0.25]

Race/ethnicity (White = 1) 0.07
[−0.32, 0.16]

0.02
[−0.07, 0.11]

Years of experience −0.15
[−0.23, −0.06]

−0.18
[−0.27, −0.10]

LCSW 0.14
[0.05, 0.23]

0.15
[0.06, 0.24]

LMFT −0.07
[−0.16, 0.01]

−0.10
[−0.19, −0.01]

Other license 0.09
[−0.02, 0.19]

0.10
[−0.01, 0.19]

No license 0.04
[−0.05, 0.13]

0.04
[−0.04, 0.13]

Uses standardized assessment 
to measure client progress

– 0.07
[−0.02, 0.17]

Assesses clients for trauma symptoms – 0.11
[0.01, 0.21]

Concerns asking clients about trauma – −0.23
[−0.32, −0.14]
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studies also may be due, in part, to different statistical 
approaches and decisions. Rye et  al. (2019) [30] tested 
a second-order model via a PCA that allowed factor 
cross-loadings, whereas the current study applied more 
stringent CFA criteria by restraining items to load on 
only one factor. Szota et al. (2021) [31] identified a simi-
lar three-factor solution in a second-order CFA, though 
multiple loadings exceeded 1.00, which indicates that 
more than 100% of variance was being explained for a 
given indicator (i.e., negative residual variance). In this 
study, the three-factor solution was rejected largely 
based on the presence of similar loading values that were 
out of bounds.

Szota et  al. (2021) also identified a four-factor model 
that discriminated between positive and negative indi-
vidual attitudes (i.e., positive alignment with EBP; res-
ervations toward EBP) as well as positive and negative 
organizational conditions that influence provider attitudes 
(i.e., institutional endorsement; constraints by institution) 
[31]. If the EBPAS-36 reliably distinguishes individual and 
institutional sources of variability in provider attitudes, 
this interpretation of the measurement model has some 
advantages in terms of conceptual coherence and prac-
tical significance. Yet their results should also be inter-
preted while considering that the four factors aligned 
with items based on their positive or negative valence. In 
the current study, results from the best-fitting model also 
showed that negatively worded items aligned with one 
factor while positively worded items aligned with another 
factor. Method effects associated with the positive or 
negative wording of survey items have been documented 
for decades [41–44]. Thus, while the EBPAS-36 may tap 
into higher-order latent constructs, it is possible that the 
constructs reflect not only the types of questions that are 
asked but also how they are asked.

Reinforcing prior results of Rye et  al. (2017) [29], the 
subscales of the EBPAS-36 were weakly to moderately 
correlated, offering some evidence that the 12 subscales 
are related yet distinct. Most subscales also demonstrated 
good-to-excellent internal consistency according to 
guidelines for evaluating Cronbach’s alphas (i.e., α = 0.70 
– 0.95) [45]. However, the appeal and divergence sub-
scales had marginally acceptable reliability, and the reli-
ability of the balance subscale was poor (i.e., α < 0.60). 
Prior studies have also shown that the balance, appeal, 
and divergence subscales have questionable inter-
nal consistency [30, 31, 35], suggesting that efforts to 
improve the measure may be warranted. Reliability may 
be enhanced by omitting items, adding new items, or 

revising the language of current items. For instance, our 
CFA findings suggest that the item “therapy is both an 
art and a science” is a candidate for further attention and 
potentially modification.

The final study aim was to examine correlates of pro-
vider attitudes toward EBP. Supporting prior results, 
female gender was associated with more positive atti-
tudes [21, 30, 31], while years of professional experi-
ence was inversely associated with provider attitudes 
[21, 30, 31, 46, 47]. Comparisons of licensed providers 
from different disciplines indicated that, when com-
pared to LPCs, LCSWs held more positive attitudes 
and LMFTs held more negative EBP attitudes. Prior 
research on the relationship between professional disci-
pline to EBP attitudes has uncovered largely null effects 
[20, 28, 48]. It is uncertain why professional discipline 
correlated with EBP attitudes in this study, pointing to 
the need for further research with practitioners from 
diverse fields in applied settings.

Along with demographic correlates, specific practices 
and attitudes were explored as correlates of global EBP 
attitudes. Practitioners who more frequently assessed 
client trauma symptoms reported more positive EBP 
attitudes, and those who expressed greater concerns 
that trauma assessments may cause harm reported 
more negative attitudes. The findings suggest that global 
EBP attitudes are correlated with specific attitudes 
and behaviors in everyday practice. These novel find-
ings suggest there is a need to disentangle the extent 
to which specific practices shape EBP attitudes and the 
extent to which EBP attitudes influence providers’ selec-
tion of specific practices and different practice settings. 
Moreover, the results reveal that reservations about 
trauma assessments persist even among providers who 
elect to implement trauma-responsive interventions 
[49–51], and despite evidence indicating that trauma 
questionnaires are typically well tolerated [52–55].

Some study limitations should be acknowledged, 
including the potential influence of missing data. 
Roughly 8% of respondents were missing at least one 
EBPAS-36 item. Missing data in the factor analysis were 
handled via FIML, which produces unbiased estimates 
except when missingness is not at random [56, 57]. Yet, 
the missing data mechanisms in this study are unknown. 
Sample selection bias also may have been introduced 
through the listwise deletion of participants from regres-
sion analyses. Omitted variable bias is another con-
cern given that the regression models excluded salient 
variables that may influence EBP attitudes, including 
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institutional characteristics such as organizational cul-
ture [15]. Additionally, although the study’s sample size 
is adequate according to general rules of thumb for SEM 
sample size requirements [58], analyzing a larger and 
more representative sample would have increased confi-
dence in the results. The findings also may not general-
ize to other populations or historical contexts given that 
the providers were (a) from a single state in the U.S., (b) 
volunteered to be trained in an evidence-based, trauma-
focused intervention, and (c) participated at different 
time points before and during the COVID-19 pandemic.

Conclusions
The EBPAS-36 is a broad-based assessment of provider 
attitudes toward evidence-based practice. The current 
study validated a first-order structure that matches its 
12 subscales, though it remains unclear whether the 
EBPAS-36 items map onto a second-order structure 
that captures broader dimensions of EBP attitudes. 
Further measurement development work also may be 
warranted considering that the EBPAS-36 has been 
shown to fit different models within and between data-
sets, and because some of its subscales have question-
able internal consistency. Given that EBPAS-36 was 
intended for use by researchers and practitioners, fur-
ther studies of its performance in applied settings are 
warranted.

A well-validated and reliable tool that comprehensively 
assesses provider attitudes toward EBP would be benefi-
cial for providers and service agencies, and it could also 
be used to enhance training and professional develop-
ment programs. Ambivalence and resistance toward 
EBP hinders their uptake and sustainability [17–19]. 
Despite the availability of many empirically validated 
mental health treatments like TF-CBT and initiatives 
like the Trauma and Recovery Project to integrate these 
interventions into routine community-based settings 
[7, 37, 59–61], inequities in access still prevail. Regret-
tably, disadvantaged and marginalized groups that are at 
the greatest risk of trauma exposure are often the least 
likely to receive evidence-based, trauma-focused mental 
health care. Although organizational and systemic bar-
riers may have a larger influence than provider attitudes 
on the dissemination of evidence-based practices, they 
are also less alterable. To maximize the practical signifi-
cance of tools like the EBPAS-36, complementary pro-
tocols could be developed to help practitioners identify 
discrepancies between their attitudes and normative 
provider attitudes as well as the current state of the evi-
dence base.

Appendix A

Fit statistics from three CFA models of the EBPAS-36

Model Fit 
Statistics

Model 1
First‑Order 
CFA with 12 
 Factorsa

Model 2
Second‑Order 
CFA with 2 
 Factorsb

Model 3
Second‑Order 
CFA with 2 
 Factorsc

MLR estimation

χ2 1004.73 1171.16 
(1266.371)

1158.40 (1188.08)

df 528 574 (581) 580 (581)

Number of free 
Parameters

174 128 (121) 122 (121)

CFI 0.927 0.909 (0.882) 0.912 (0.907)

TLI 0.913 0.900 (0.872) 0.904 (0.899)

RMSEA 0.045 0.048 (0.055) 0.047 (0.048)

SRMR 0.053 0.092 (1.000) 0.067 (0.069)

Further information about model specifications are available upon request

CFA Confirmatory factor analysis, χ2 Chi square, CFI Comparative fit index, TLI 
Tucker-Lewis index, RMSEA Root mean square error of approximation, SRMR 
Standardized root mean square residual
a The first-order CFA (model 1) includes 12 factors that match the 12 subscales of 
the EBPAS-36
b Model 2 modifies a model from Rye et al. (2017) with three second-order 
factors that did not fit the data well in the current sample. The model was 
reconfigured with two second-order factors, including a professional concerns 
factor and a second factor that combined fit and preferences with work and 
requirements. Error term correlations were also added for seven item pairs
c Model 3 is a modified version of model 2 that optimized model fit by realigning 
the burden and openness factors, as described in the text

Appendix B

First-order and second-order factor loadings from a two-factor 
CFA of the EBPAS-36

Second‑
Order 
Loadings
Factor 1

First‑Order Loadings Second‑
Order 
Loadings
Factor 2

First‑Order 
Loadings

WI US NO WI US NO

0.80 Limitations 0.87 Appeal

0.71 0.79 0.74 0.66 0.61 0.53

0.83 0.92 0.80 0.57 0.71 0.68

0.76 0.89 0.89 0.70 0.83 0.68

0.68 Divergence 0.75 Fit

0.65 0.59 0.61 0.78 0.69 0.54

0.55 0.47 0.66 0.70 0.79 0.67

0.72 0.67 0.76 0.82 0.73 0.62

0.66 Balance 0.72 Organizational 
Support

0.79 0.73 0.60 0.63 0.74 0.61

0.21 0.59 0.62 0.88 0.86 0.92

0.43 0.76 0.61 0.81 0.82 0.87
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Second‑
Order 
Loadings
Factor 1

First‑Order Loadings Second‑
Order 
Loadings
Factor 2

First‑Order 
Loadings

WI US NO WI US NO

0.58 Burden 0.59 Openness

0.74 0.57 0.76 0.72 0.70 0.53

0.82 0.81 0.70 0.80 0.78 0.86

0.59 0.67 0.61 0.82 0.81 0.68

0.55 Monitoring 0.57 Feedback

0.79 0.71 0.83 0.76 0.69 0.84

0.83 0.88 0.83 0.97 0.83 0.96

0.73 0.85 0.75 0.74 0.78 0.72

0.45 Requirements

0.94 0.89 0.93

1.00 0.97 1.00

0.85 0.77 0.79

0.44 Job Security

0.67 0.80 0.60

0.89 0.98 0.95

0.93 0.61 0.91

Factor loadings are estimates of association between an observed variable 
and a latent factor. First-order factors are nested below second-order factors 
in a hierarchical structure. A “first-order factor” is a construct that is directly 
measured by observed variables in the model, and a "second-order factor" 
is a higher-level latent variable that explains the correlations between the 
first-order factors. The two-factor model is a revised version of the three-factor 
model described by Rye et al. (2017) [29]. As described in the text, factor 1 is 
professional concerns and factor 2 combines fit and preferences combined with 
work and requirements
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